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• Describe Data We Collected From 2 Sources: 

• YouGov Respondents (2016, 2020, 2022, 2024) 

• CSMaP Bilingual Election Monitor (2022) 

• Try to Include Notes on Take-Up (Donation) Rates 

• Describe Aggregates We have Tried (and/or aspired) to compute



Issues

• What is the right amount to pay people? 

• WE clearly should be experimenting. 

• Maybe others have? 

• Aggregates to merge to survey data:



2016 - start of panel - Facebook via App

• 2016:  

• 3500 YouGov Respondents 

• 2711 said they use Facebook 

• 1331 agreed to share data 

• 38% of all respondents 

• 49.1% of respondents who use Facebook. 

• We linked 1191 of the Facebook accounts to respondents



2018 - Webtrak Data via YouGov

• In 2018 - we had a 1500 respondent webtrack panel 

• webtrack data provided by YouGov 

• Slightly mysterious: 

• mobile? 

• desktop?



2018 - Webtrak Data via YouGov

• We used the webtrack data to see the paths people took to get to low-quality news. 

• And, we modeled the percentage of fake news in respondents’ web diets as a function of 
individual level co-variates (demographics, ideology)



2020 - Just Tweets

• 2020: 

• No facebook app 

• Continuing Twitter Collection



2022 - Multi-Platform

• 2022: 

• Continued Twitter data collection 

• Facebook again! 

• Web-Tracking Data:   

• We asked respondents to install a web-browsing plug-in 

•  For desktop use with Chrome 

• YouTube Data: 

• We asked respondents to download their YouTube watch history and send it to us 

• This can be done with google forms 



Facebook

• 2022 - Facebook: 

• 722 respondents provided facebook data 

• 649 included likes 

• 222 included posts



Web Browsing 

• 2022 - Web Browsing Data 

• 596 respondents  

• 2024 - Web Browsing Data 

• 416 respondents 

• 87 of these turned on an extension to give us html pages of their visits to YouTube



YouTube

• 2022: 

• 506 respondents provided watch histories 

• 489 respondents provided subscription information 

• 2024: 

• 520 respondents provided watch histories 

• 489 respondents provided subscription information



TikTok

• The donation process is the most cumbersome of the platforms we tried to get data for. 

• Users must wait an unknown time for their download to be available. 

• And it is only available for a short window. 

• Finding it on their mobile device to upload is cumbersome. 

• For security reasons - we could not accept it as an email.



TikTok

• 275 respondents provided data with actual viewing history 

• Total videos watched: 3,887,904 

• Unique videos watched: 2,326,474 

• Number of users who posted a comment: 51 

• Total comments by users: 31,772   [??]



2022 - CSMaP Bilingual Election Monitor

• 2022: 

• In addition to YouGov, we recruited a panel of  3500 respondents (primarily) via 
Facebook ads (the CSMaP Bilingual Election Monitor) 

• 2300 hispanics (English-dominant, Spanish-dominant, Bilingual) 

• 900 non-hispanic whites 

• 344 other



2022 - CSMaP Bilingual Election Monitor

• Next slide gives donation rates for the 2022 respondents. 

• Payment ranged from $5 to $10. 

• Confusion about how to pay for web-track data: 

• One-time payment? 

• Monthly payment?





Aggregates or Other Variables to Compute from Digital 
Trace Data (Twitter) to merge to Survey Data

• Following of specific accounts (Fox News, CNN, MSNBC, NY Times, etc) 

• Following of specific politicians (Trump, any member of Congress, Governor) 

• Number of political accounts followed, total number of accounts followed, number of 
media accounts followed 

• Ideology Measures of accounts followed: 

• mean ideology of (all accounts followed, media accounts followed, political 
accounts followed, non-elite accounts followed) 

• variance of ideology of (all accounts followed, media accounts followed, political 
accounts followed, non-elite accounts followed)



Aggregates or Other Variables to Compute from Digital 
Trace Data (Facebook) to merge to Survey Data

• Number of Political Pages Liked 

• Number of Pages Liked 

• Number of low quality media pages liked 

• Number of United States facebook pages liked 

• Number of Latin American facebook pages liked 

• Number of (! US, ! Latin American) facebook pages liked



Aggregates or Other Variables to Compute from Digital 
Trace Data (web-track) to merge to Survey Data

• Number of visits to specific websites: foxnews, cnn, etc 

• Number of visits to political news  websites (list of approx 5000 web domains) 

•



Issues

• We had a very hard time identifying the country of youtube videos 

• Identifying low-quality news sites - hard 

• ESPECIALLY in spanish



Additional Variables to Extract/Label/Merge

• We labeled all tweets by accounts followed for selected topics: 

• immigration 

• build a wall 

• healthcare law 

• free trade 

• progressive taxation 

• use of military force 

• Covid-19 

• Abortion



Additional Variables to Extract/Label/Merge

• We assume stance for tweets sent by politicians and media based on ideology of the source
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Figure 1: Average number of Tweets on campaign-related topics received by respondents
whose Twitter timeline was reconstructed based on the information about the accounts
followed by participants. The tweets are disaggregated by the ideology of the news
source.

This is almost twice as many tweets from each source as were seen on any other topic.
We see that other issues barely registered with the media: very few tweets pertained to
Chinese tariffs and the Muslim Ban.

Variation in tweets by topic based on ideology of media source was substantial. Whereas
our respondents saw approximately the same number of tweets about immigration from
liberal as from conservative outlets, they saw over twice as many tweets about health care
from liberal media than from conservative media. And while taxation was the fourth-
most tweeted about topic seen by our respondents from both conservative and liberal
media outlets, liberal media outlets produced over twice as many tweets on taxation
seen by our respondents as did conservative media outlets.

We next examine variation across the topic and source distribution of tweets seen for con-
servative, moderate, and liberal respondents. Tweets seen by topic are broken down by
the survey respondents’ ideology in Figure 2. What is noteworthy is the self-selection by
respondents into ideologically distinct media outlets. Looking at the left-most panel, we
see that liberal respondents saw remarkably few tweets on most topics from conservative
media outlets. And looking at the right-most panel, we see that while conservatives on
average saw more tweets from liberal outlets than liberals saw from conservative outlets,
on every issue they saw more tweets from conservative media outlets than from liberal
media outlets. We also see that if media stories are persuasive, then the patterns of ex-
posure may promote opinion change; e.g. Liberal respondents were clearly seeing many
more liberal tweets (i.e., tweets from liberal media sources) than conservative tweets on
immigration and healthcare; while conservative respondents were clearly seeing many
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Figure 2: Average number of Tweets on campaign-related topics received by liberal,
moderate, and conservative respondents. (The sample consists of respondents whose
Twitter timeline was reconstructed based on the information about the accounts followed
by participants. The tweets are disaggregated by the ideology of the news source.)

Figure 3: Individual-level potential exposures to tweets from liberal and conservative
news sources (respondents are color-coded by their partisanship).
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Effects of Media-tweets seen on Issue Placements
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