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RIP Twitter API 🪦

url = 'https://api.twitter.com 

response = requests.request( 
"GET", url,  
params= { 
query = ‘Trump OR election OR fascism’ 
})

List of “political” 
keywords 

https://api.twitter.com
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Capturing “Political” Speech
Keyword search implicitly assumes 

political content looks like:

Trump lost the election!
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Capturing “Political” Speech
What political speech  

actually looks like

Trump lost the election!

Keyword search implicitly assumes 
political content looks like:
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The Speech We Miss

Keyword classifier

Trump lost the election! Yes, election-related

Not election-related

RQ1: 
How big of a problem is this?
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The Speech We Miss

Keyword classifier

Trump lost the election! Yes, election-related

Not election-related

RQ1: 
How big of a problem is this?

RQ2: 
Is there variation by age?
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Data Matching

Hughes et al. (2020)  
Shugars  et al. (2021)
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registered to vote in “New Brunswick, NJ”
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Data Matching
✦ Panel of 1.6 million Twitter users matched to US 

voting records

✦ Matching procedure:
➡ Collect Twitter profiles from 10% sample 

(2014-2017)
➡ Match users to voting records:

✦ Name + (city, state) must be unique match

✦ Demographically representative of Twitter users 
overall

✦ Youngest users were 17 in 2017
Hughes et al. (2020)  

Shugars  et al. (2021)

Match if I’m the only “Sarah Shugars” 
registered to vote in “New Brunswick, NJ”
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panelists between  
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➡ Which tweets would be 
retrieved using keyword-
based search?

➡ Which tweets are actually 
election-related? (Via 
handcoding)

➡ Stratify sample by age
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Method

Step 1: Use an initial keyword 
classifier to take an informed 
sample for hand coding

Step 2: Hand code 16,245 
tweets for election relevance
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Keyword Classifier Accuracy

20-29 30-49 50-64 65-89

Classified as  
election-related

Classified as not 
election-related

How frequently did the keyword classifier 
disagree with our handcoding?
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Keyword Classifier Accuracy

False Positive 
Rate

20-29 30-49 50-64 65-89

Classified as  
election-related

Classified as not 
election-related

3.4% 5.4% 6.2% 8.3%

How frequently did the keyword classifier 
disagree with our handcoding?
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Could we build a better keyword classifier?

✦ Best models achieved (only) an F1-score 
of ~ 0.8

α

β

✦ Test 10,000 potential classifiers 
through a two-parameter model 

✦ Terms included in keyword list if: 
➡ Occur at least  times 
➡ Occur  times more in election 

tweets (defined from handcoding) 

✦ Calculate accuracy for each resulting 
keyword list

α
β
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Could we build a better keyword classifier?

β
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Older users consistently have fewer 
of their election tweets misclassified
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Could we build a better keyword classifier?

β

Older users consistently have fewer 
of their election tweets misclassified

Younger users consistently have more 
of their election tweets misclassified
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Text only
Image/GIF
Video 

Generational Trends?

Younger users frequently 
communicate using non-
textual media, so keyword 
classifiers may 
underrepresent their 
political speech
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Sarah Shugars 
they/them/theirs 
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